
 

 

INTRODUCTION  

Generative artificial intelligence (AI) has introduced new forms of technological participation in 

interpersonal communication by enabling automated message generation, linguistic revision, response 

formulation, and interaction management. Unlike conventional communication technologies that 

primarily facilitate the transmission of human-generated messages, generative AI systems can 

contribute directly to the linguistic and relational characteristics of communication. This development 

has become increasingly relevant in higher education, where students employ AI-supported applications 

for academic writing, language learning, information exchange, and communication with institutional 

and interpersonal contacts. Recent empirical research has examined university students' reliance on and 

resistance to generative AI in language learning, their perceptions of institutional messages concerning 

AI use, and the relationships among AI literacy, self-efficacy, trust, and technology adoption (Wang et 

al., 2025; Petricini et al., 2025; Obadă et al., 2026). Experimental evidence concerning AI-assisted 

writing has also demonstrated the relevance of algorithmic assistance to trust-building efficiency in 

interpersonal exchanges (Purcell et al., 2025). These developments extend established concerns in 

computer-mediated communication by introducing algorithmic participation into processes 
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Abstract 
Artificial intelligence-mediated communication introduces new forms of technological 

participation in interpersonal interaction, raising questions about trust, social presence, and 

relational connectedness in higher education. This study examined how existing scholarship 

characterizes these relationships and identified the conditions associated with variation in 

relational outcomes. A scoping review and framework-based relational mechanism synthesis were 

conducted using 34 scholarly sources published between 1976 and 2026, identified through 

bibliographic and publisher-based searches. The evidence base included experimental, cross-

sectional, longitudinal, mixed-method, design-oriented, and conceptual investigations. Sources 

were examined according to communication configuration, degree of AI assistance, disclosure 

conditions, relational outcomes, and contextual moderators. The synthesis identified three 

interconnected domains: trust calibration and authenticity, social presence and conversational 

agency, and interpersonal connectedness in educational communication. Across the reviewed 

literature, AI assistance was associated with communicative efficiency and responsiveness, while 

relational evaluations varied according to perceived authenticity, transparency, technological 

reliability, and human control. Conversational and anthropomorphic cues contributed to perceived 

social presence without consistently establishing durable interpersonal trust. Evidence involving 

university students particularly emphasized AI literacy, perceived accuracy, risk perception, and 

technology adoption, whereas broader relational interpretations drew partly on other populations. 

The study proposes calibrated trust as an interpretive principle emphasizing proportionate 

reliance, verification, and human accountability. These findings support differentiated assessments 

of AI-mediated communication that distinguish technological performance, perceived social 

presence, and sustained interpersonal relationships. 
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traditionally associated with human communicative agency, message ownership, and relational 

accountability (Hancock et al., 2020; Hohenstein & Jung, 2020; Walther, 1992). 

The relational implications of generative AI require a conceptual distinction among AI-mediated 

communication, AI-assisted human-to-human communication, and direct human–AI communication. 

AI-mediated communication is employed in this review as a broad analytical category encompassing 

communicative processes in which artificial intelligence contributes to message production, 

modification, interpretation, or interactional responsiveness. AI-assisted human-to-human 

communication represents a more specific configuration in which a human sender uses AI to formulate 

or revise messages intended for another human recipient while retaining responsibility for the 

communication. Direct human–AI communication involves interaction with an artificial conversational 

agent as the immediate communication partner. These configurations differ in the distribution of 

communicative agency, expectations of reciprocity, attribution of authorship, and objects of 

interpersonal trust. A student using AI to revise an email to a lecturer encounters relational conditions 

distinct from those experienced when seeking academic guidance or emotional support directly from a 

chatbot. Classical social presence theory and computer-mediated communication research provide 

foundations for examining these distinctions, although their original formulations did not fully account 

for systems capable of independently generating socially meaningful linguistic responses (Short et al., 

1976; Biocca et al., 2003; Nass & Moon, 2000; Guzman & Lewis, 2020). 

Trust constitutes a central dimension of AI-mediated communication because technological 

assistance introduces multiple objects of evaluation within the same interaction. Trust in an AI system 

concerns perceptions of its competence, accuracy, reliability, predictability, and capacity to perform an 

assigned communicative function. Trust in a human communicator concerns judgments about 

credibility, sincerity, responsibility, and the correspondence between expressed messages and the 

sender's intentions. These forms of trust may develop independently, particularly when algorithmically 

generated messages appear linguistically competent but provide limited information about the human 

sender's contribution. Research on technological credibility, human trust in artificial intelligence, and 

perceptions of algorithmic decision-making identifies system characteristics, perceived risk, and 

expectations of reliability as important determinants of trust judgments (Sundar, 2008; Glikson & 

Woolley, 2020; Lee, 2018). Empirical investigations have further associated trust with AI acceptance, 

perceived technological capabilities, and user evaluations of AI-related risks (Choung et al., 2023; 

Zhang & Yu, 2025). Evidence from higher education also indicates that trust in generative AI warrants 

examination across distinct academic user groups rather than treatment as a uniform response to 

technological availability (Đerić et al., 2025). These findings support an analytical separation between 

confidence in technological performance and confidence in the interpersonal relationships within which 

technological assistance is employed. 

Social presence represents a related but analytically distinct dimension of AI-mediated 

interaction. It concerns the extent to which a communication environment conveys responsiveness, 

social awareness, interpersonal immediacy, and the perceived availability of an interaction partner. 

Conversational AI may support these perceptions through coherent responses, contextual adaptation, 

personalized language, and interaction patterns resembling human conversation. Nevertheless, 

perceived responsiveness does not necessarily establish interpersonal understanding or sustained 

relational attachment. Research on conversational agents has demonstrated the importance of 

anthropomorphic design, communicative agency framing, and conversational cues in shaping 

perceptions of human likeness and interaction quality (Araujo, 2018; Go & Sundar, 2019; Adam et al., 

2021). Taxonomies of social cues further distinguish the design features through which conversational 

systems communicate social characteristics, while experimental research indicates that 

anthropomorphism can influence the resilience of trust in artificial agents (Feine et al., 2019; de Visser 

et al., 2016). The distinction between perceived social presence and relational durability remains 

important because user expectations may exceed system capabilities, and repeated interaction does not 

necessarily produce stable interpersonal attachment (Luger & Sellen, 2016; Croes & Antheunis, 2021). 

Research on explainability and trust also suggests that evaluations of AI systems depend on the 

interpretation of their underlying processes rather than conversational fluency alone (Shin, 2021). 

Interpersonal connectedness introduces an additional analytical requirement because the quality 

of a relationship cannot be inferred exclusively from communication efficiency or perceived social 

presence. Connectedness involves perceived relational closeness, reciprocity, interpersonal recognition, 
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continuity of interaction, and confidence in the meaningful participation of another social actor. AI 

assistance may facilitate these conditions when it reduces linguistic barriers, supports message 

formulation, or enables individuals to maintain communication across demanding academic and social 

circumstances. The same assistance may also complicate relational evaluations when recipients 

question the authenticity of messages or the extent of human involvement in their production. The 

distinction is particularly relevant among university students, whose interactions encompass academic 

collaboration, peer relationships, feedback exchanges, institutional communication, and digitally 

mediated learning communities. Research on students' reliance on generative AI in language learning 

and their perceptions of teachers' communication about AI demonstrates the relevance of educational 

expectations and institutional norms to technology-related judgments (Wang et al., 2025; Petricini et 

al., 2025). Broader scholarship concerning AI-mediated communication further identifies epistemic 

trust and uncertainty about message origins as relational concerns that extend beyond the technical 

accuracy of generated content (Sahebi & Formosa, 2025). Interpersonal connectedness must 

consequently be examined as a relational outcome shaped by the interaction between communicative 

assistance, human participation, and the social expectations of communication partners. 

Perceived authenticity and transparency further differentiate the relational consequences of AI-

mediated communication. Authenticity concerns whether communicated content is interpreted as an 

adequate representation of the sender's intentions, knowledge, and interpersonal commitment. It does 

not necessarily require the complete absence of technological assistance, but it involves the perceived 

legitimacy of the relationship between human intention and message production. Transparency 

concerns the extent to which participants understand the involvement, function, and limitations of AI 

within an interaction. Although disclosure may support informed interpretation and accountability, 

explicit identification of AI assistance can also influence evaluations of message sincerity and 

communicative credibility. The relationship between transparency and trust is therefore conditional 

rather than uniformly positive. Research addressing algorithmic transparency signaling has examined 

its relationship with user trust and relational satisfaction, while scholarship on AI-mediated 

communication has identified tensions between disclosure, authenticity, and epistemic confidence (Park 

& Yoon, 2024; Sahebi & Formosa, 2025). These tensions are especially relevant when socially 

responsive systems generate expectations of intentionality, understanding, or emotional competence 

that are not necessarily supported by their operational characteristics. Human control over message 

revision, verification, and final authorization remains an important consideration when assessing 

whether technological assistance preserves or complicates communicative responsibility. 

Despite the expansion of research on artificial intelligence and interpersonal communication, the 

available literature remains distributed across distinct conceptual frameworks, research populations, 

and methodological approaches. Studies of human–AI trust frequently emphasize technological 

acceptance, perceived accuracy, and reliance, whereas research on conversational agents often 

concentrates on anthropomorphism, interaction design, and social presence. Investigations of AI-

assisted interpersonal communication address message attribution, disclosure, and authenticity, while 

studies involving university students commonly examine educational adoption, AI literacy, learning-

related expectations, and institutional communication. These research domains provide complementary 

evidence but do not consistently distinguish trust in an AI system from trust in a human communicator 

or establish how social presence relates to interpersonal connectedness across different communication 

configurations. Differences between experimental, cross-sectional, longitudinal, and conceptual 

investigations also limit the direct comparability of reported outcomes. Findings derived from general 

human–AI interaction cannot automatically be generalized to university relationships, particularly when 

studies do not directly measure relational closeness, reciprocity, or sustained interpersonal engagement. 

Existing theoretical perspectives consequently require an integrated examination of the mechanisms 

through which AI assistance interacts with human agency, perceived authenticity, and contextual 

expectations. 

This study addresses these limitations through a scoping review of scholarly research examining 

AI-mediated communication, trust, social presence, and interpersonal connectedness, with particular 

attention to university-related communication. The review investigates two principal questions: how 

the available literature characterizes the relationships between AI-mediated communication and the 

three relational constructs, and which technological, individual, and contextual conditions are 

associated with variation in these relationships. The synthesis organizes the evidence into three 
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analytical domains: trust calibration and perceived authenticity, social presence and conversational 

agency, and interpersonal connectedness in educational communication. It distinguishes evidence 

obtained directly from university populations from broader human–AI communication research and 

considers the methodological differences that constrain causal interpretation. The study's conceptual 

contribution lies in integrating these domains through a relational mechanism framework that 

differentiates technological reliability, perceived social responsiveness, and the maintenance of human 

interpersonal agency. Calibrated trust is examined as an interpretive principle concerning the 

relationship between appropriate technological reliance, critical evaluation, and human responsibility 

rather than as a uniformly established empirical outcome. This analytical orientation provides a basis 

for examining the relational implications of AI-assisted communication without assuming that 

technological efficiency, social presence, and interpersonal connectedness necessarily develop in the 

same direction. 

 

RESEARCH METHODS  

This study employed a scoping review design combined with a framework-based relational 

mechanism synthesis to examine the relationships among artificial intelligence (AI)-mediated 

communication, trust, social presence, and interpersonal connectedness. The review addressed two 

research questions: how existing scholarship characterizes the relationships between AI-mediated 

communication and these relational constructs, and which technological, individual, and contextual 

conditions are associated with variation in the reported relationships. Relational mechanism synthesis 

was operationalized as an author-defined analytical approach using thematic framework coding and 

cross-study comparison to identify the processes through which AI participation may facilitate, 

constrain, or modify relational outcomes. The approach was intended to map the conceptual and 

empirical characteristics of a heterogeneous evidence base rather than estimate pooled intervention 

effects or establish universal causal relationships. 

Relevant literature was identified through bibliographic and publisher-based searches using 

combinations of the terms "artificial intelligence-mediated communication," "AI-mediated 

communication," "generative AI," "human–AI communication," "trust," "social presence," 

"interpersonal connectedness," "interpersonal relationships," "conversational agents," "chatbots," 

"authenticity," "disclosure," "AI literacy," and "university students." The analytical corpus comprised 

34 scholarly sources published between 1976 and 2026, including foundational theoretical contributions 

and contemporary empirical investigations. Source eligibility was determined by substantive relevance 

to AI participation in communication, technological or interpersonal trust, perceived social presence, 

relational authenticity, interpersonal connectedness, or educational technology adoption. Empirical 

experiments, cross-sectional surveys, longitudinal investigations, mixed-method studies, 

conversational-agent design research, methodological taxonomies, and conceptual syntheses were 

included when they contributed evidence or theoretical explanations concerning these constructs. 

Technical investigations without a substantive communicative or relational component fell outside the 

analytical scope. The retained publications comprised nine controlled or online experimental studies, 

ten cross-sectional survey or structural equation modeling studies, four longitudinal or mixed-method 

investigations, five design or taxonomy studies, and six reviews or conceptual syntheses. Earlier 

publications were incorporated to establish the theoretical foundations of computer-mediated 

communication, social presence, technological trust, and human responses to computational agents, 

while recent publications were used to examine the emergence of generative AI applications and 

contemporary educational communication practices. 

Data extraction and evidence charting focused on the research design, communication 

configuration, degree of AI assistance, disclosure conditions, conversational and anthropomorphic cues, 

trust-related outcomes, social-presence indicators, interpersonal connectedness, and reported contextual 

moderators. Three communication configurations were distinguished: AI-mediated communication as 

the broader category of algorithmically supported interaction, AI-assisted human-to-human 

communication involving AI participation in messages exchanged between individuals, and direct 

human–AI communication involving conversational systems as interaction partners. Trust-related 

evidence was further differentiated according to whether the object of evaluation was the technological 

system or the human communicator. Moderator categories included AI literacy, perceived accuracy, 

risk perception, privacy concerns, transparency, prior experience, and user control. Evidence involving 
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university students was distinguished analytically from findings obtained from general user populations, 

professional settings, and conceptual research to limit unsupported population-specific generalization. 

The synthesis followed a deductive thematic framework organized around three relational 

domains: trust calibration and perceived authenticity, social presence and conversational agency, and 

interpersonal connectedness in educational communication. Within each domain, the evidence was 

compared according to communication configuration, methodological design, reported relational 

outcomes, and conditions affecting the interpretation of findings. Experimental findings were 

considered in relation to the specific manipulations and outcomes examined, whereas cross-sectional 

associations were interpreted without causal attribution. Longitudinal studies informed the examination 

of relational development over repeated interactions, while design studies and conceptual publications 

provided theoretical explanations of conversational agency, anthropomorphism, and technological 

accountability. Conflicting findings were interpreted in relation to differences in study populations, 

interaction settings, disclosure conditions, and the operationalization of relational constructs. The 

synthesis was qualitative and comparative; no statistical meta-analysis or pooled effect-size estimation 

was conducted. 

The methodological scope was defined by the 34 retained publications and their documented 

analytical characteristics. The available review record established the final corpus and its research-

design distribution but did not provide complete database-specific retrieval histories, original search 

dates, duplicate-removal totals, intermediate screening counts, or reviewer-agreement records. A 

retrospective numerical PRISMA-ScR selection flow was consequently not constructed from 

unsupported estimates. No formal risk-of-bias scores were reported, and the interpretation of evidence 

was qualified by research design and population. These boundaries restrict claims of search 

exhaustiveness and quantitative representativeness but permit a structured synthesis of the relational 

mechanisms, theoretical distinctions, and contextual conditions represented within the included 

literature.  

 
RESULTS AND DISCUSSION  

Trust calibration and perceived authenticity 
The evidence on baseline trust showed a patterned rather than uniform relationship with the 

central outcome. AI assistance improved linguistic fluency and response efficiency in several settings, 

but recipients did not evaluate polished language independently of perceived authorship and 

authenticity. The pattern is consistent with the relational and institutional literature (Choung et al., 2023; 

Jacovi et al., 2021). Across the assembled sources, accuracy expectations emerged as a recurrent 

mechanism linking individual interaction to broader social outcomes. Trust judgments involved at least 

two objects: confidence in the technical system and confidence in the human communicator using it, 

which explains why the same intervention can raise one form of trust while lowering another. The 

pattern is consistent with the relational and institutional literature (Parasuraman & Riley, 1997; 

McKnight et al., 2011). 
Analysis of disclosure indicated that the relational effect depended on how interaction was 

organized and interpreted by participants. Social presence increased when conversational systems 

displayed contingent, coherent, and socially legible responses, although human-like cues were not 

sufficient to guarantee durable relational confidence. The pattern is consistent with the relational and 

institutional literature (Reeves & Nass, 1996; Nowak & Biocca, 2003). The coded literature treated 

authenticity as a process variable rather than a simple exposure measure. Disclosure created a recurring 

tension because users often endorsed transparency as a norm while reacting less favorably to messages 

explicitly labeled as AI-assisted. The pattern is consistent with the relational and institutional literature 

(Clark et al., 2019; Formosa et al., 2026). 

 
Table 1. Evidence Base by Research Design 

 
Design Number of sources Typical contribution 

Controlled/online experiments 9 Causal evidence on disclosure, trust, 

and social cues 
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Cross-sectional surveys/SEM 10 Associations among literacy, trust, 

risk, and adoption 

Longitudinal or mixed-method 

studies 

4 Change in trust and relationship 

formation 

Design/taxonomy studies 5 Conversational cues and system 

expectations 

Reviews/conceptual syntheses 6 Theory building and ethical framing 

 

Findings concerning algorithm transparency were most consistent when studies measured 

reciprocity, tie quality, or institutional conditions directly. AI literacy supported more differentiated 

evaluation of system capability and reduced the appeal of treating either enthusiasm or skepticism as a 

stable personal trait. The pattern is consistent with the relational and institutional literature (Liu et al., 

2025; Almaiah et al., 2025). A closer reading of risk perception clarified why apparently contradictory 

findings can coexist across samples and settings. Risk perception, privacy concerns, and perceived 

control moderated adoption because students assessed not only usefulness but also the consequences of 

depending on a system that can make confident errors. The pattern is consistent with the relational and 

institutional literature (Hancock et al., 2020; Hohenstein & Jung, 2020). 
The strongest contribution of the evidence on AI literacy was its specification of boundary 

conditions around the expected social effect. Relational effects were stronger when people retained 

meaningful control over drafting, verification, and final message ownership. The pattern is consistent 

with the relational and institutional literature (Walther, 1992; Short et al., 1976). Research addressing 

attribution also linked micro-level interaction to meso-level networks, organizations, or communities. 

Conversational agency was most credible when the system role was clear and limited rather than when 

design attempted to erase the distinction between human and machine contribution. The pattern is 

consistent with the relational and institutional literature (Biocca et al., 2003; Nass & Moon, 2000). 
Taken as a body of evidence, calibrated reliance helped distinguish durable relational resources 

from short-lived indicators of exposure or contact. The synthesis favors calibrated trust as a relational 

objective: enough confidence to use assistance productively, combined with enough skepticism to 

preserve verification and human accountability. The pattern is consistent with the relational and 

institutional literature (Sundar, 2008; Glikson & Woolley, 2020). 

 
Social presence and conversational agency 

The evidence on social cues showed a patterned rather than uniform relationship with the central 

outcome. AI assistance improved linguistic fluency and response efficiency in several settings, but 

recipients did not evaluate polished language independently of perceived authorship and authenticity. 

The pattern is consistent with the relational and institutional literature (Lee, 2018; Guzman & Lewis, 

2020). Across the assembled sources, anthropomorphism emerged as a recurrent mechanism linking 

individual interaction to broader social outcomes. Trust judgments involved at least two objects: 

confidence in the technical system and confidence in the human communicator using it, which explains 

why the same intervention can raise one form of trust while lowering another. The pattern is consistent 

with the relational and institutional literature (Shin, 2021; Luger & Sellen, 2016). 
Analysis of responsiveness indicated that the relational effect depended on how interaction was 

organized and interpreted by participants. Social presence increased when conversational systems 

displayed contingent, coherent, and socially legible responses, although human-like cues were not 

sufficient to guarantee durable relational confidence. The pattern is consistent with the relational and 

institutional literature (Araujo, 2018; Go & Sundar, 2019). The coded literature treated conversational 

coherence as a process variable rather than a simple exposure measure. Disclosure created a recurring 

tension because users often endorsed transparency as a norm while reacting less favorably to messages 

explicitly labeled as AI-assisted. The pattern is consistent with the relational and institutional literature 

(Adam et al., 2021; Croes & Antheunis, 2021). 
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Table 2. AI-Mediated Communication Mechanisms 

 
Mechanism Relational gain Relational risk 

Language assistance Clarity and response 

efficiency 

Reduced authenticity when 

assistance dominates 

Transparency signaling Better understanding of 

system role 

Disclosure penalty in some 

settings 

Social cues Higher immediacy and 

social presence 

Over-attribution of human 

qualities 

Personalization Relevance and 

responsiveness 

Privacy and manipulation 

concerns 

Human oversight Accountability and 

calibration 

Added effort and slower 

interaction 

 

Findings concerning agency framing were most consistent when studies measured reciprocity, 

tie quality, or institutional conditions directly. AI literacy supported more differentiated evaluation of 

system capability and reduced the appeal of treating either enthusiasm or skepticism as a stable personal 

trait. The pattern is consistent with the relational and institutional literature (Feine et al., 2019; de Visser 

et al., 2016). A closer reading of telepresence clarified why apparently contradictory findings can 

coexist across samples and settings. Risk perception, privacy concerns, and perceived control 

moderated adoption because students assessed not only usefulness but also the consequences of 

depending on a system that can make confident errors. The pattern is consistent with the relational and 

institutional literature (Formosa et al., 2025; Wang et al., 2025). 
The strongest contribution of the evidence on human-likeness was its specification of boundary 

conditions around the expected social effect. Relational effects were stronger when people retained 

meaningful control over drafting, verification, and final message ownership. The pattern is consistent 

with the relational and institutional literature (Petricini et al., 2025; Obadă et al., 2026). 

 

 
Figure 1. Coded Evidence Profile for Artificial Intelligence-Mediated Communication and 

Human Relationships 
 

Research addressing expectation gaps also linked micro-level interaction to meso-level networks, 

organizations, or communities. Conversational agency was most credible when the system role was 

clear and limited rather than when design attempted to erase the distinction between human and machine 

contribution. The pattern is consistent with the relational and institutional literature (Zhang & Yu, 2025; 

Shin et al., 2024). 
Taken as a body of evidence, relational satisfaction helped distinguish durable relational 

resources from short-lived indicators of exposure or contact. The synthesis favors calibrated trust as a 

relational objective: enough confidence to use assistance productively, combined with enough 
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skepticism to preserve verification and human accountability. The pattern is consistent with the 

relational and institutional literature (Choung et al., 2023; Jacovi et al., 2021). 

 
Interpersonal connectedness in university communication 

The evidence on student adoption showed a patterned rather than uniform relationship with the 

central outcome. AI assistance improved linguistic fluency and response efficiency in several settings, 

but recipients did not evaluate polished language independently of perceived authorship and 

authenticity. The pattern is consistent with the relational and institutional literature (Parasuraman & 

Riley, 1997; McKnight et al., 2011). Across the assembled sources, peer exchange emerged as a 

recurrent mechanism linking individual interaction to broader social outcomes. Trust judgments 

involved at least two objects: confidence in the technical system and confidence in the human 

communicator using it, which explains why the same intervention can raise one form of trust while 

lowering another. The pattern is consistent with the relational and institutional literature (Reeves & 

Nass, 1996; Nowak & Biocca, 2003). 
Analysis of academic honesty indicated that the relational effect depended on how interaction 

was organized and interpreted by participants. Social presence increased when conversational systems 

displayed contingent, coherent, and socially legible responses, although human-like cues were not 

sufficient to guarantee durable relational confidence. The pattern is consistent with the relational and 

institutional literature (Clark et al., 2019; Formosa et al., 2026). The coded literature treated language 

learning as a process variable rather than a simple exposure measure. Disclosure created a recurring 

tension because users often endorsed transparency as a norm while reacting less favorably to messages 

explicitly labeled as AI-assisted. The pattern is consistent with the relational and institutional literature 

(Liu et al., 2025; Almaiah et al., 2025). 

 
Table 3. Conditions for Calibrated Trust among Students 

 
Condition Trust implication Design implication 

AI literacy Improves evaluation of strengths 

and limits 

Teach verification and provenance 

skills 

Perceived accuracy Raises initial reliance Pair confidence with error awareness 

Risk perception Reduces uncritical acceptance Make uncertainty visible 

Disclosure norms Supports accountability Use clear, proportionate disclosure 

User control Preserves human agency Allow revision, rejection, and opt-out 

 

Findings concerning efficiency were most consistent when studies measured reciprocity, tie 

quality, or institutional conditions directly. AI literacy supported more differentiated evaluation of 

system capability and reduced the appeal of treating either enthusiasm or skepticism as a stable personal 

trait. The pattern is consistent with the relational and institutional literature (Hancock et al., 2020; 

Hohenstein & Jung, 2020). A closer reading of relationship maintenance clarified why apparently 

contradictory findings can coexist across samples and settings. Risk perception, privacy concerns, and 

perceived control moderated adoption because students assessed not only usefulness but also the 

consequences of depending on a system that can make confident errors. The pattern is consistent with 

the relational and institutional literature (Walther, 1992; Short et al., 1976). 
The strongest contribution of the evidence on privacy was its specification of boundary 

conditions around the expected social effect. Relational effects were stronger when people retained 

meaningful control over drafting, verification, and final message ownership. The pattern is consistent 

with the relational and institutional literature (Biocca et al., 2003; Nass & Moon, 2000). Research 

addressing accountability also linked micro-level interaction to meso-level networks, organizations, or 

communities. Conversational agency was most credible when the system role was clear and limited 

rather than when design attempted to erase the distinction between human and machine contribution. 

The pattern is consistent with the relational and institutional literature (Sundar, 2008; Glikson & 

Woolley, 2020). 
Taken as a body of evidence, institutional design helped distinguish durable relational resources 

from short-lived indicators of exposure or contact. The synthesis favors calibrated trust as a relational 
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objective: enough confidence to use assistance productively, combined with enough skepticism to 

preserve verification and human accountability. The pattern is consistent with the relational and 

institutional literature (Lee, 2018; Guzman & Lewis, 2020). 

 
CONCLUSION 

The scoping review identified a differentiated relationship between artificial intelligence-

mediated communication and the relational constructs of trust, social presence, and interpersonal 

connectedness. Across the 34 reviewed sources, AI assistance was associated with opportunities for 

greater communicative efficiency, linguistic clarity, and perceived responsiveness, although these 

characteristics did not consistently correspond to stronger interpersonal relationships. The evidence 

distinguished trust in technological competence from trust in the human communicator, indicating that 

confidence in AI-generated content and perceptions of communicative authenticity represent separate 

evaluative processes. Conversational coherence, anthropomorphic cues, and contextual responsiveness 

contributed to explanations of perceived social presence, but the available findings did not establish that 

these characteristics consistently produce sustained relational attachment. Evidence specifically 

involving university students emphasized AI literacy, perceived usefulness, technological trust, risk 

perception, and educational expectations, whereas broader claims concerning interpersonal 

connectedness were informed partly by research conducted in other populations and interaction settings. 

The principal conceptual contribution of this review is a relational mechanism framework that 

distinguishes technological reliability, perceived social responsiveness, and interpersonal 

connectedness while identifying authenticity, transparency, and human agency as conditions shaping 

their relationships. Calibrated trust emerges from this synthesis as an interpretive principle emphasizing 

proportionate technological reliance, critical evaluation, and continued human responsibility rather than 

as an independently verified universal outcome. For educational institutions, the findings support 

communication practices that preserve user control, enable verification, and apply context-sensitive and 

proportionate disclosure without assuming that transparency invariably strengthens perceived 

authenticity. The review is limited by heterogeneous research designs, variation in relational outcome 

measures, and the restricted availability of longitudinal evidence directly examining university 

relationships. Future research should investigate repeated AI-mediated interactions, distinguish system 

trust from interpersonal trust, and examine how disclosure practices, technological literacy, and 

communication configurations influence relational development over time. The relational implications 

of AI-mediated communication are neither uniformly beneficial nor uniformly detrimental; they depend 

on the interaction between technological assistance, communicative expectations, and the continued 

exercise of human agency. 
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